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Abstract: This study examined the social capital dimensions and other determinants influencing household
participation and level of participation in micro-credit groups i Uasin Gishu County, Kenya specifically Moiben
Division In the study area, the microfinance institutions and other lending organizations have extended credit
facilities to households through mdividual and group lending schemes in their bid to increase household
access to credit. However, even with the recent proliferation of micro-credit groups a considerable proportion
of the poor households m the area have not joined micro-credit groups. A structured questionnaire was used
to gather information from 174 households from the division, using the multistage sampling technique. Heckman
Selection Model was applied to identify factors that influenced households to join and the level of participation
1n the micro-credit group. The results indicate that age, gender, education farm size, household size, farm income
and distance to the nearest financial nstitution influenced household decision to join the micro-credit groups.
On the other hand, age, farm size, total income, heterogeneity index, density of membership, years of experience
in group borrowing and decision making index significantly influenced the level of participation. Based on the
findings, policy implications were drawn for improving household access to credit in the study areas.
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INTRODUCTION

Access to credit 1s known to accelerate household
and national economic development (Pederso, 2003; FAQ,
2006). In Kenya, access to credit particularly remains a
mirage to a majority of the growing population where only
39.6% of Kenya’s adult population has access to credit
products (FSD, 2009). Combined with those that have
access to MFIs and SACCOs, more than half of the adult
population is excluded from formal bank credit. This lack
of access to credit by poor rural households has negative
consequences for agricultural and non-agricultural
productivity, income generation and household welfare
(Diagne and Zeller, 2001).

One of the main reasons for the lack of credit 15 the
fact that traditional commercial banks typically have no
interest in lending to poor rural households due to their
lack of viable collateral and the lgh transaction costs
assoclated with the small loans that suit them. However,
group lending approach by Microfinance Institutions
(MFTs) has been implemented as an alternative to formal
bank credits. Group lending approach 1s aimed at
providing credit to individual members of a micro-credit
group with greater value attached on organized groups

which depicts the importance of social capital. The
approach makes use of group guarantee mechamism
making loans accessible to the poor households
(Mejeha and Tfenkwe, 2007). The success of this approach
in accessing credit relies heavily on existence of social
capital within a borrowing group (Grootaert et af., 1999).
Within these groups borrowers utilize their social capital
to overcome problems, such as adverse selection, moral
hazard and confract enforcement associated with
asymmetric nformation in credit markets (Gomez and
Santor, 2001). In this respect, social capital 1s defined
according to Woolcock and Narayan (2000) as the norms
and networlks that enable people to act collectively.
Putnam (1993) and Grootaert et al. (1999) have
demonstrated that social capital has quantifiable effects
on different aspects of human beings using different
proxies. Accordingly, Murphy (2002) and Kahkonen
(1999) developed a number of ndicators related to village
assoclations, activities, norms and trust. These mdicators
include density of membership, group heterogeneity,
member cash contribution, meeting attendance and
participation m group decision making. Existence of
these dimensions bind groups of borrowers together as
a form of social collateral and deviation from the norms
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guiding the group may lead to sanctions or exclusion
(Mwangi and Ouma, 2012). Consequently, groups
substitute the traditional collateral and poor legal
frameworks required in enforcing loan contracts, both of
which keep the poor households away from accessing
formal credit.

Joining micro-credit groups presents an option to
mcrease access to credit exhibited by the proliferation of
micro-credit groups all over the county. Even as group
lending claims to improve poor household access to credit
and lower transaction costs by providing incentives for
peers to screen, monitor and enforce each other’s loans,
the rate of household joining micro-credit groups is still
low in Uasin Gishu County.

MATERIALS AND METHODS

Data source and sampling technique: The study was
carried out in Moiben Division, Uasin Gishu County. The
county 1s one of the 47 counties of Kenya. It extends
between longitude 34°50" and 35°37' East and 0°03'
and 0°55' North with a total area of 3327.8 km’. The
main economic activities in the county include both
large and small scale maize and wheat farming, passion
fruit growing, dairy farming, sports (Athletics),
manufacturing and agro processing. Fiancial services
in the county include 19 commercial banks and 11
micro-finance mstitutions.

In the first stage of the sampling procedure, a
purposive sample of Moiben Division was made while in
the second stage a stratified random sampling of group
borrowers and individual borrowers were selected. Fmally,
in stage three, 4 members from each of the micro-credit
group were randomly selected, making a total of
116 respondents (4x29) and a random selection of
58 ndividual borrowers to form the control group. The list
of groups and members was obtained from the local
branches of financial mstitutions operating group lending
scheme in the study area. A structured questionnaire was
used to collect data from the sampled respondents in
Tuly/August, 2012.

Analytical methods: Quantitative data was analyzed using
statistical test, t-test and Chi-square to investigate the
relative difference between group and individual
borrowers. In addition, Heckman Selection Model was
used to determine the factors hypothesized to influence
household to join a micro-credit group and the level of
participation in the group.

In thus study, the decision to join a micro-credit group
and the level of participation may not necessarily be
jointly determined. In such a scenario, there 1s high

likelihood that household will only increase the level of
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participation if there is a strong cohesion within
micro-credit group enhanced by social capital dimensions.
Additionally, the observed number of borrowings is
nonrandom and conditional on the decision to join a
micro-credit group. This introduces sample selection
problem. To correct selection bias problem Heckman
(1979) developed Heckman Selection Model. This
model is therefore, suitable in determining the factors
that influence household participation and level of
participation in micro-credit group in the study area. The
Heckman selection model is represented as shown:

Step 1: Probit Model for participation (selection
equation). This step estimates the probability of group
participation as shown in the Eq. 1:

P =687,+¢,E(g/2)=0 (1
Where:
P; = A dummy for participation in micro-credit group
Z; = A vector of variables that affect participation

decision
Step 2: Outcome equation explaining the level
participation:
Y, =pX,+p, E(u/X)=0 (2)
Where:
Y, = The level of participation measured by the
number of borrowings
X, = A vector of variables that explain the levels of
participation
g, b = The error terms

The model assumes that 7 and X are observable
exogenous variables and X is a subset of 7. If the
correlation between g, and 1 is not zero it brings about the
selection bias problem. After estimating the selection
equation, a non selection bias is computed using Eq. 3:

E(g/P,7,) (3)

This 1s called Inverse Mills Ratio (IMR) A (8Z)
when P, = 1. Then the new lambda 1s used m the selection
(Eq. 2) as an explanatory variable. The new equation for
the second stage regression is therefore:

E(Y =Z,P =1)= PXpi(dZ) “

Equation 4 gives the expected number of loans Y
given vectors of observable factors 7, and given that the
household has already made the decision to participate in
micro-credit group. This can be explained by vector of

observable characteristics X, and the mverse maills ratio
evaluated as A (7).
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If P, = O then there is no evidence of the selection EDUC = Years of formal education
bias and the regression reverts to QLS. But, if P; # O then (years)
there were omitted variables in the initial model — HHSIZE = Household members (No.)
correlated with X which 1s corrected by including IMR in FMSIZE = Total household farm size (ha)
the second regression. MAINOCCP = Household main occupation
The selection equation for the Heckman Selection (dummy; 1 = Farming, 0 =
Model determimng drivers for household micro-credit otherwise)
group participation is reduced to give Eq. 5: LANDTNR - Lanq tenure system (dmmy; 1
= with title, 0 = otherwise)
BLNGTOGRP = B, + B, AGE+ B,GENDER+ B, EDUCH B,HH sizE+ S WARENESS = Awareness of group borrowing
B,FMSIZE +{, YRSDVSN + p, AWARENESS+ NTRSTRATE id‘mm? 1 =t Yis,(?; Noj
= Loan interest rate (%
AINTRSTRATE +,LANDTNR B, DSTNCH GRPSIZE = Members in the micro-credit
B, LIFRMINCM+ &
group (No.)
(3 MTNGATNDCINDX = Index derived from the number
While the outcome equation estimating the level of of meeting per month
micro-credit participation 1s reduced to give Eq. &: HETEROINDX = Index derived from age,
education level, level of wealth
NUBORRWNGS = B+ B, AGE+ B,GENDER+ p,EDUC+ and gender variables
B,HHSIZE+ p,FMSIZE+ B, MAINOCCP+ LnCSHCNTBN = Amount contributed per month
p,GRPSIZE+ B, MTNGATNDCINDX+ (Kenya shillings)
B,HETEROINDX+ B,,.LnCS HCNTBN+ DECSNINDX = Index derived from level of
B, DECSNINDX+ B, DSTYMBSHP+ & participation in group decision
©6) making ranging from very active
. . . Lo oo to not participating
Soc.lal capltal .dlme.nsmns. A.s mdicated rEle.)VG the DSTYMBSHP ~ Groups one is a member (No.)
social capital dimensions used in the analysis include: _ . . .
) ) o . EXPERNCE = Experience n group borrowing
Density of membership, heterogeneity index, meeting (years)
?ttendance index, cash contribution apd decmlon.makmg LT TLINCM — Total household income (Kenya
mndex. The measurement of each is as described by shillings)
Grootaert et al. (1999) and used by Omonona et al. (2007, DSTNC = Distance to the nearest financial
2009) and Yusuf (2008). institution (km)
LnFRMINCM = Farm income (Kenya shillings)
Description of variables used in Heckman Selection YRSDVSN = Years of residence in Moiben
Model: Division
BLNGTOGRP = Membership in micro-credit group
(dummy; 1 = group, 0 = individual) RESULTS AND DISCUSSTON
AGE = Age of borrower (years)
GENDER = Sex of the borrower (dummy; 1 = Male, Socio-economic characteristics of group and individual
0 =Female) borrowers: The results in Table 1 revealed a significant
Table 1: Household characteristics by type of borrower (continuous variables)
Individual = 58 Group =116 Pooled =174
Variables Mean SD Mean SD Mean SD t-test
Age (vears) 44.69 7.54 39.52 4.89 41.24 6.37 5.451™
Household size 5.64 1.92 5.59 2 5.61 1.97 0.135
Farm size (ha) 4.29 248 240 1.11 3.07 1.89 6.730™
Education (years) 1242 2.89 10.17 319 11.02 33 5.126™
Years of residence 19.37 10.9 20.14 9.89 20.08 10.21 -0.105
Farm income (KES) 149483 116615 553017 51954.4 86695.4 842846 5.697™
Off-farm income (KES) 280862 214094 80689.7 767427 147414 145418 8.753"™
Total income (KES) 430345 233057 135991 104578 234109 211058 11.501™
Loan size (KES) 229138 118489 61250 28059.5 117213 107000 14.507
Dst. to financial 12.82 7.58 2044 8.69 17.9 9.06 -5.68™"
inst. (KM
Interest rate (%) 19.89 2.9 22.19 3.32 20.66 3.306 4.487™

""Significance at 1%
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Table 2: Household characteristics by type of borrower (durmmy variables)

Table 4: Heckman selection equation results showing determinants of

Individual =58 Group = 116 household participation in micro-credit groups in Uasin Gishu
County, Kenya
Dummy variables Frequency Percent Frequency Percent y’-value Variables Marginal effect Z p=Z| X

Gender AGE -0.031 -2.61 0.000™" 41.241
Male 4 70.69 2 36.21 1843 GENDER (*) -0.281 -2.63 0.009™ 0.477
Female 17 20.31 74 63.79 HHSIZE 0.077 237 0.018™ 5.609
Land tenure EDUC -0.087 -3.74 0.000™" 11.023
With title deed 46 79.31 74 63.79  4.350" LANDTNR (*)  -0.142 -1.54 0.125 0.689
Without 12 20.69 42 36.21 FMSIZE -0.229 -331 0.001™" 3.066
" *Significance at 1 and 5%, respectively MAINOCCP (*) 0,033 0.29 0.774 0.540
LnFRMINCM 0.033 2.29 0.022" 9.245
o ) S AWARENESS  0.114 1.09 0.275 0.644
Table 3: Summary statistics of the social capital dimensions YRSDVSN 0.000 0.04 0.968 20.081
Social capital dimensions N Min  Max  Mean SD INTRSTRATE -0.051 -3.65 0.347 20.655
Meeting attendance index 116 0 100 72.70 29.11 DSTNC 0.018 2.99 0.003"™" 17.901

Heterogeneity index 116 0 100 60.17 27.47 _cons 12.110 440 0.000 -

Monthly cash contribution 116 400 2500 1282.80  408.45 Mills lambda 0.538 -1.98 0.048™ -

Decision making index 116 0 100 75.22 26.47 Rho -0.703 - - -

Density of membership 116 1 3 1.88 0.72 Sigma 0.765 - - -
Number of obs 174 Wald y° (20) 151.550

2

mean difference at <5% sigmficance level between 8:;222‘::; ib . 1?2 g;zgz R 8: ggg

the group borrowers and individual borrowers in
terms of age, farm size, years of education, farm income,
off-income, total mcome, loan size, distance to the nearest
financial institutions and interest rate. However,
household size, years of residence in the division were
not significantly different between group and individual
borrowers m the study area.

The in Table 2 show the
soclo-economic variables which include gender and land

tenure system in Moiben Division. Chi-square results on

results dummy

gender and land temure system indicated that there
significant difference between group
borrowers and their counterparts’ individual borrowers

existed a
at 1 and 5%, respectively.

The summary statistics for five dimensions of social
capital dimensions are presented in Table 3. The results
indicate that on average group members attended group
scheduled meetings per month with a 72.70% index of
meeting attendance. The micro-credit groups were
heterogeneous in terms of age, gender, education level,
occupation and economic status with a mean of 60.17%
index of heterogeneity. In terms of their monthly
contribution all the groups contributed some amount of
money to the group which 1s saved and used to run group
activities as required by the microfinance institution. This
amount can later be used n case of group nability to
repay the borrowed loan. The least amount that a group
contributed monthly was Kshs. 400 while the maximum
was Kshs. 2500. On average each member contributed
Kshs. 1282.80 monthly to the group. Decision making
index indicate member participation m decision making is
an average of 75.22% index. Lastly, in the density of
membership vanable, results showed that households
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*Discrete change of durmmy variable firom 0-1; ™ “Significance at 1 and 5%,

respectively

have membership n at least 1 micro-credit group and a
maximum of 3 groups. On average households have
membership in 2 micro-credit groups.

Factors influencing households to join micro-credit
groups: To determine the explanatory variables that
influence households to join a micro-credit group in Uasin
Gishu County specifically Moiben Division Heckman
Selection Model was estimated. The results of the
analysis are presented in Table 4.

A total of 12 explanatory variables were considered
The negative signs of
marginal effects reduce probability of a household
joining group borrowing loan scheme while the
positive signs increase the probability of joining in the
loaning schemes. The coefficient of TMR was also

in the econometric model.

significant and positive at 0.048.

It found that age (AGE) significantly and negatively
influenced household to join a micro-credit group
borrowing with marginal effect of 0.031. This mdicates
that an increase in age of the borrower by 1 year reduced
the probability of joining micro-credit group by 3.1%.
Implying that other things remaining constant as the
household age increases they accumulate collateral that
enable one seek for individual loan. Coupled with this, the
chances of older people being considered for credit are
low due to the low probability of success and high risk of
default. This 15 consistent with the results from Nguyen
(2007) and Ayamga et al. (2006).

The literature on effect of gender on joming
micro-credit groups 1s ambiguous. This study revealed
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gender of the borrower (FENDER) was significant and
negatively mfluenced household to join micro-credit
group with a marginal effect of 0.281. This implies that the
probability of females joiming micro-credit group 1s 28.1%
higher than men. Since female household in most African
contexts do not have/own, the collaterals required to
borrow from formal financial mstitutions such as title
deeds, they are forced to join borrowing groups. Tt could
also be due to the structure of financial mstitutions which
provide credit to women only.

Household size (HHSIZE) significantly and positively
influenced household decision to join micro-credit group
with marginal effect of 0.077. This mnplies that a unit
increase in household size increases probability of joiung
micro-credit group by 7.7%. This implies that individuals
with large household size were likely to join micro-credit
groups since they have more family burden to contain
with m terms of social and economic services and
therefore, need support to meet their family daily needs.
Simtowe and Zeller (2006) concur with this finding,.

Education (EDUC) was negatively significant
influencing the decision to join micro-credit groups with
a marginal effect of 0.087. Demonstrating that an
additional year of education decreases the probability of
households joining a micro-credit group by 8.7%. The
underlymg assumption 1s that more years of formal
education help households to find paid jobs, hence they
can access formal loans which do not need one to jomn a
micro-credit group. This result concurs with those of
Shah et al. (2008) and Nguyen (2007).

Size of farm land (FMSIZE) was sigmificant and
negatively influenced household decision to join
micro-credit group with a marginal effect of 0.229.
Implying that 1 ha increase in household size of farm land
reduces the probability of joiung micro-credit group by
22.9%. This 18 because large farm sizes can be used as
collateral to access formal credit from commercial
banks. Those with smaller parcels of land therefore, find
it prudent to join credit borrowing groups in order to
access credit. Asante ef al. (2011) and Davis ef al. (2010)
found similar results.

Farm income (LnFRMINCM) was found to be
positively sigmficant with a marginal effect of 0.033. Thus
implies that an increase in farm income by one Kenyan
shilling increases the probability of joining borrowing
groups by 3.3%. Joining groups comes with some
financial commitments in the form of payment of dues.
This contradicts the findings from Kundu and Mitra
(2006) who argued that increase in farm income reflects
capacity to finance their own spending.
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Distance to the nearest financial institution from the
borrowmg household dwelling place (DSTNC) was
significant and positively influenced individuals decision
to join micro-credit group with a marginal effect of 0.018.
An increase in distance to the nearest financial institution
by 1 km increases the probability of an individual joining
micro-credit group by 1.8%. This 1s because long
distances increase the travelling expenses in seeking for
loans. Households are therefore, better off joming credit
groups since in loan officers visit the groups at their
meeting places cutting down on travelling expenses. This
is consistent with the results of Doan et al. (2010).

Factors affecting the level of micro-credit group
participation: Table 5 shows Heckman outcome equation
results. Both household characteristics and social capital
dimensions significantly affected level of participation in
micro-credit groups (the level of participation was
measured by the number of borrowing a household had
made since the group inception).

Age of the borrower (AGE) was significant at 5%
level and positively affected the household level of
micro-credit group participation measured by number of
borrowings within the credit group. This umplies that
ceteris paribus as the age of the group borrower’s
increease they gam more experience and expand in
their business or farming activity. To finance their
expanding activities, the number of borrowings need to
simultaneously increase since MFT loans have limits. This
result agrees with those of Swam (2001).

Size of farm land (FMSIZE) was found to be
negatively significant at 10% level in explaining the level
of participation in micro-credit groups. A unit increase in
the farm size reduces the number of borrowings with
small farm size the household will be forced to borrow

Table 5: Heckman outcome equation results showing social capital
dimensions and other determinants influencing household level of
participation in micro-credit groups in Uasin Gishu County, Kenya

Variables Coef. SE Z p=Z|
AGE 0.047 0.020 2.37 0.018"
GENDER -0.061 0.560 -1.32 0.154
HHSIZE 0.023 0.045 0.50 0.615
EDUC -0.005 0.026 -0.18 0.854
LANDTNR -0.215 0.159 -1.35 0.177
FMSIZE -0.134 0.072 -1.87 0.062"
LnTTLINCM 0.694 0.147 4.72 0.000™"
LnLNSIZE -0.242 0.184 -1.32 0.188
INTRSTRATE 0.022 0.026 0.84 0.399
GRPSIZE 0.031 0.105 0.58 0.217
EXPERNCE 0.310 0.077 4.04 0.000™"
Social capital dimensions
MTINGATNDCINDX 0.003 0.003 1.16 0.245
HETEROINDX -0.007 0.003 -2.49 0.013™
DECSNMEKNGINDX 0.007 0.003 2.32 0.020™
LnCASHCNTRBN -0.091 0.233 -0.39 0.695
DSTYMBRSHP -0.375 0.103 -3.64 0.000™"
cons -4.248 2.885 -1.47 0.141

frr———

"Significance at 1, 5 and 10%, respectively
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more in order to meet their basic needs both food and
other needs. This can be done by increasing the rounds
of borrowing rather than increasing the size of loan
which is rationed in this case. This corroborates with
Wanyama et al. (2006).

Total household income (LnTTLINCM) given by the
sum of farm and off farm income) was significant at 1%
and positively influenced household number of
borrowings. An increase in total household income
increases the number of borrowings. As the total
household income increases the household gains
confidence to increase the number of borrowings as they
are assured of repaying it. The finding is consistent with
the findings of Benito and Mumtaz (2006).

Experience in group borrowing (EXPERNCE)
measured by the number of years one has been
participating in the micro-credit group was significant at
1% level with a positive coefficient. This implies that
other things remaining constant an increase in the years
of experience in the micro-credit group increases the
mumber of borrowings. This can be attributed to the fact
that with increase in years of being a micro-credit group
member the member learns more about the group
members, group borrowing mechanics and develops
trust among the group members.

Heterogeneity index (HETEROINDX) negative and
significant at 5% level in influencing the household level
of micro-credit group participation. This means that a unit
increase in group heterogeneity index (by 20 points)
reduces the number of borrowings. This implies that
homogenous groups better understand themselves
relative to heterogensous groups since higher level of
heterogeneity attracts conflict between members of
the group (Yusuf, 2008).

Decision making index (DECSNINDX) was positive
and sigmficantly affected the number of borrowings made
by a group member at 5% level. A unit increase in the
level of decision making index increases the number of
borrowings. This supports the findings of Tabi (2009).

Density of membership (DSTYMBSHP) was found
to be significant at 1% level and negatively affected
the number of borrowings made by the household
This means that an additional membership in another
micro-credit group leads to a reduction in the number
of borrowings. Concurring with  findings by
Omonona et al. (2007) members will commit more time and
resources to increased number of groups affecting their
productivity which may be lead sanction due to lack of
adherence to the required regulations.

CONCLUSION

The study found that households within the study
area sourced their credit from both group and individual
modes of borrowing. Heckman Selection Models indicated
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that age, gender, education and farm size significantly
affect household decision to join micro-credit groups
negatively. On the other hand, household size, farm
income and distance to the nearest financial institution
were significant and positively influenced household
decision to join the micro-credit groups. On the level of
micro-credit group participation the results revealed that
farm size, heterogeneity index and density of membership
significantly affected household nmumber of borrowings
negatively whereas age, total income, years of experience
in group borrowing decision making index significantly
influenced the level of participation positively.

RECOMMENDATIONS

Based on these findings, the study recommends that
the government, donors and other stakeholders should
embark on campaigns to sensitize the public on the
importance of forming micro-credit groups to improve
credit access. These mstitutions are also obliged to
provide training to households on how and when to
establish micro-credit groups in order to take advantage
of social capital existing within well organized and
managed groups. Lastly, the government should improve
road and market infrastructure in the rural areas to attract
private investors and financial institutions, this will
increase household access to credit.
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